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Agriculture and Forestry are two broad and promising areas demanding technological solutions 
with the aim of increasing production or accurate inventories for sustainability while the environmental 
impact is minimized by reducing the application of agro-chemicals and increasing the use of 
environmental friendly agronomical practices. In addition, the immediate consequence of this “trend” 
is the reduction of production costs. 
Sensors-based technologies provide appropriate tools to achieve the above mentioned goals. The 
explosive technological advances and development in recent years enormously facilitates the 
attainment of these objectives removing many barriers for their implementation, including the 
reservations expressed by the farmers themselves. Precision Agriculture is an emerging area where 
sensor-based technologies play an important role. 
Farmers, researchers and technical manufacturers, all together are joining their efforts to find 
efficient solutions, improvements in production and reductions in costs. The dissemination of results 
through scientific publications and international events, among which Sensors is a clear example, 
contributes significantly to this effort. This is the second special issue published in Sensors for the 
same topic (Agriculture and Forestry) with important contributions; some of them coming from the 
First International Conference on Robotics and associated High-technologies and Equipment 
(www.rhea-conference.eu/2012), emphasizing how much sensitivity and coverage Sensors offer for 
technological advancement in these areas.  
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There are still many challenges and problems to be solved or improved. Therefore, new special 
issues are foreseen to be launched in the future, including the one in conjunction with the above 
mentioned conference on its second edition (http://www.rhea-conference.eu/2014/). 
After the call for papers we received tens of manuscripts, 41 high quality of which were finally 
selected after a peer review process conducted by prestigious scientists with a high expertise in the 
different covered topics. 
Sensors are selected or designed according to the problems to be solved or needs identified by 
farmers. The papers published on this special issue are here grouped based on the application they 
address, specifying the type of sensor or sensors used and the methods developed or used for  
such purpose.  
Soil Analysis and Characteristics: Soil is an essential element in Agriculture as it plays a fundamental 
role for crop development, yield and products quality, both for its intrinsic properties and the 
affectation of external factors. In [1] a spectroradiometer is the sensor used for hyperspectral analysis 
of soil contents (nitrogen, carbon and organic matter) based on regression trees. Soil salinity 
assessment of sandy mineral and bulk electrical conductivity is addressed in [2] based on  
frequency-domain reflectometry. The salinity index is defined as partial derivative of the soil bulk 
electrical conductivity with respect to the real part of the soil complex dielectric permittivity. Soil 
moisture, temperature and electrical conductivity are analyzed in [3] by applying also time domain 
reflectometry (TDR). The device is designed with eight channels of TDR, two-rod probes and a 
General Packet Radio Service modem for collecting data. In [4] the soil detachment by water drop 
impact is analyzed at laboratory level by using a light microscope. Image analysis, based on image 
processing methods of splashed particles, is the technique applied. In [5] soil water content and salinity 
is monitored through a low-cost capacitance resistance by direct measurements. In [6] an automatic 
resistivity profiler together with a GPS system are used in vineyard to assess the spatial variability 
patterns of vegetative growth and yield based on the analysis of soil electrical resistivity and ancillary 
topographic attributes (elevation, slope). In many agricultural practices, the soil is affected and 
compacted by the transit of agricultural machinery, causing a appreciable decrease in crop yield; under 
this point of view, the effects of tractor field usage is studied in [7] with the design of a device 
equipped with an electrical penetrometer, which measures the resistance of soils before and after the 
vehicle passes. Soil cutting resistance for site specific tillage is studied in [8], using a tool constituted 
by four blades equipped with load sensors. 
Yield: Yield estimation or impacts on yield are topics of great interest. Vegetative growth and yield, 
based on soil electrical resistivity and ancillary topographic, are studied in [6]. An analysis of the 
effects on yield caused by a decrease of soil compaction is reported in [7]. A study of sugarcane yield 
estimation carried out by means of a GreenSeeker
®
 device and based on normalized difference 
vegetative indices is addressed in [9]. In [10] grapevine yield and leaf area estimation are studied with 
a RGB camera and natural illumination by applying image morphological operations and supervision 
classification approaches.  
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Detection and Classification of Crops, Weeds, Fruits: Detection of relevant elements in agriculture or 
forestry for automatic processes is one of the essential tasks. In [11,12] red peaches in orchard images 
are detected through a RGB camera based on linear color models through a distance-based 
classification approach. In [12] a real-time system based on a processor with ARM architecture and 
Look-up-tables on the RGB color model are used for speed-up the fruit picking. The combination of an 
ultrasonic sensor and a camera are used for weed detection in cereal crop in [13]; the ultrasonic 
identifies height of plants and the camera determines the weed and crop coverage. In [14] a low cost 
smart camera is adapted with selected filters to pass red and near-infrared spectral bands and the 
Normalized Difference Vegetation Index (NDVI) is obtained for plant detection. Different issues 
related with crop and weeds detection accuracy is addressed in [15], where a camera-based sensor is 
geometrically arranged. The “vignetting” effect is studied, according to the use of ultra-violet and 
infra-red cut filters, and also the exposure time adjusted for image acquisition in outdoor environments. 
The development of a color vision-based system is reported in [16] for ripeness classification of oil 
palm fresh fruit bunch applying Artificial Neural Networks (ANN) and Principal Component Analysis 
(PCA). Fruit grading is addressed in [17] on the basis of a mobile sensing platform mounted on a glove 
that integrates several sensors, such as touch pressure, imaging, inertial measurements, localization and 
a Radio Frequency Identification (RFID) reader. 
Weed Control: Once weeds have been detected, the next step is their complete control. In [18] is 
reported the design and realization of a machine able to perform weed control both in  
inter-row and intra-row space. The implement actuates in the same time inter-row cultivation and intra-
row band spraying by means of an electro-hydraulic side-shift frame using RTK-GPS. In [19] the 
reduction of weed competition in wheat and barley is controlled using a harrow equipped with  
bi-spectral cameras, which detect crop leaf cover, weed cover and soil density.  
Taste and Odor Detection: Some tastes and odors are of special interest in some agriculture and 
forestry applications. In [20] is described an electronic tongue realized and used to monitor the 
presence of glyphosate (a non-selective systemic herbicide) and discriminate potential interferents, 
using PCA as the method to analyze the redox processes produced. In [21] a review of diverse 
applications based on electronic-nose technologies is presented. Many factors, including humidity, 
available moisture, light, temperature, soil conditions, fertilization, insects and plant diseases may 
affect the release of volatile organic compounds from agricultural plants or trees in forestry, thus 
altering the normal odor. Some applications reported in [21] combine both electronic noses and 
electronic tongues. 
Positioning, Navigation and Safety: In automatic applications involving autonomous vehicles (tractors) 
this issue is of vital relevance. Global and local positions are required. The first can be established 
through a GPS system and the second based on crop rows detection. During navigation, safety to avoid 
obstacles or animals is a topic to be addressed. The Inertial Measurement Unit (IMU) is the key sensor 
used in [22] for positioning and navigation for land vehicles, where a fast orthogonal search modeling 
technique is applied. A LASER is the sensor used for auto-guidance vehicles for greenhouse 
operations in [23]. Laser emitters are to be detected and followed by the vehicle. Regarding the safety, 
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in [24] a procedure for animal’s detection is designed. It is based on Forward Looking Infrared (FLIR) 
cameras that detect gradients of temperature, and then image processing techniques based on 
thresholding are applied.  
Seeds, Seedling, Breeding, Growing and State of Health: The control of seeds and seedling to gain 
effectiveness and efficiency in the germination, emergence and determination of the different growth 
stages of crops represents a major challenge for agriculture. Some of them are also valid for 
commercialization purposes. Non-destructive control breeding and growing are also of interest in 
agriculture. In [25] maize seeds are discriminated through hyperspectral imaging techniques based on 
visible and infrared information, where the analysis of textures provides this information. Several 
classification-based techniques are applied with this purpose, such as PCA, Support Vector Machines 
or ANN. In [26] thermal imaging, based on infrared sensors, is applied to measure lettuce seed 
viability; regression analysis based on time-dependent thermal decay characterization is the technique 
applied. Moisture detection in rice grains based on microwave measurement techniques with a slim 
and small open-coded coaxial probe is the application described in [27]. In [28] a machine vision 
system based on image processing is described. In this case a vegetation index is applied for 
segmentation and shape feature generation and plant silhouettes are used as features and inputs for the 
classifiers (K-nearest neighbor, Bayes, Support Vector Machines). A multisensory platform for  
non-destructive field-based phenotyping (plant moisture content, cereal tiller density or biomass yield 
among others) in plant breeding is described in [29]. Various optical sensors like light curtain imaging, 
3D Time-of-Flight cameras, laser distance sensors, hyperspectral imaging as well as color imaging are 
integrated into the platform. In [30] a configurable growth chamber with a computer vision system and 
controlled illumination is designed with the aim of study the circadian rhythm in plants, where form 
and shape variations at defined time intervals can be explored. The nitrogen uptake in winter wheat 
determines the posterior growth state for plants. In [31] a three sensor system is designed to obtain the 
canopy spectral reflectance for monitoring the above-ground plant nitrogen uptake. Chlorophyll 
function in photosynthesis is an important issue in plants. Chlorophyll fluorescence can be defined as 
the red and far-red light emitted by photosynthetic tissue when it is excited by a light source. This is an 
important phenomenon which permits to obtain important information about the state of health of a 
photosynthetic sample. In [32] a revision is presented about the current state of the art regarding the 
design of chlorophyll fluorescence sensing systems.  
Microorganisms and Pest Control: In agriculture and forestry it is well-known the existence of 
different microorganisms and insects that can cause production losses. Their monitoring and control 
are very important. In [33] a pest insect trap equipped with low-power image sensor technology is 
designed to perform remote automatic pest monitorization. Traps form a Wireless Sensor Network 
(WSN) and the images are sent via wireless one-hop broadcast communications to a host control 
station. In [34] is reported a system to detect the tobacco mosaic virus in the soil adopting the real-time 
quantitative polymerase chain reaction (RT-qPCR) by means of a specific device. A new technology 
for detecting root colonization in potatoes by microorganisms by exciting the material to produce 
fluorescence and capturing the images through a confocal laser scanning microscope is described  
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in [35]. In [36] is outlined the design and realization of a bio-acoustic sensor, equipped with a probe 
for acquisition of sounds, in order to perform the early detection of real palm weevil for pest control. 
Machinery for Effective Treatments: In [37] is described the design and realization of a system 
composed by a 3D sonic anemometer and two axial fans able to perform the control and adjustment of 
sprayers in order to apply exactly the agrochemicals where they are required. In [38] is reported the 
detection of drift in vineyard spraying through a terrestrial Light Detection and Ranging (LIDAR) 
sensor. In [39] is reported the description of a system designed to estimate and predict the temperature 
and relative humidity during the tobacco drying process, using a dryer with a hot water valve to heat 
the air, a fan to move the air and two air hatchways to remove the humidity. 
Forest Stands and Reflectance: In [40] is described a system for forest stands identification for the 
production of mechanically-graded lumber based on the use of an acustic sensor. In [41] is reported the 
use of a terrestrial hyperspectral imaging spectrometer together with a laser scanner in order to obtain 
tree spectral reflectance characteristics. The incident light is measured by passing it through a line 
pattern diffraction grating to a mono-chromatic CCD. 
Acknowledgements 
Thanks are due to all the authors for their valuable collaboration and contributions to this special 
issue, as without them it could not exist. All papers presented to the call passed a rigorous refereeing 
process as full manuscripts. The accepted papers underwent final revision and approval for publication 
in a second/three round of reviewing. Gratitude is owed to the international team of reviewers for their 
diligence in assessing the papers and their thoughtful and constructive criticism. The papers selected 
for this special issue represent the quality, breadth and depth of the field of sensor technologies and 
sensor-based procedures applied for solving different problems in Agriculture and Forestry. Also a 
special acknowledgment to the RHEA project [42], which is funded by the European Union’s Seventh 
Framework Programme (FP7/2007-2013) under Grant Agreement NO.245986, which has been the 
platform for the two international conferences on Robotics and associated High-technologies and 
Equipment mentioned above. 
References 
1. Gmur, S.; Vogt, D.; Zabowski, D.; Moskal, L.M. Hyperspectral Analysis of Soil Nitrogen, Carbon, 
Carbonate, and Organic Matter Using Regression Trees. Sensors 2012, 12, 10639–10658. 
2. Wilczek, A.; Szypłowska, A.; Skierucha, W.; Cieśla, J.; Pichler, V.; Janik, G. Determination of 
Soil Pore Water Salinity Using an FDR Sensor Working at Various Frequencies up to 500 MHz. 
Sensors 2012, 12, 10890–10905. 
3. Skierucha, W.; Wilczek, A.; Szypłowska, A.; Sławiński, C.; Lamorski, K. A TDR-Based Soil 
Moisture Monitoring System with Simultaneous Measurement of Soil Temperature and Electrical 
Conductivity. Sensors 2012, 12, 13545–13566. 
4. Ryżak, M.; Bieganowski, A. Using the Image Analysis Method for Describing Soil Detachment 
by a Single Water Drop Impact. Sensors 2012, 12, 11527–11543. 
Sensors 2013, 13 12137 
 
5. Scudiero, E.; Berti, A.; Teatini, P.; Morari, F. Simultaneous Monitoring of Soil Water Content 
and Salinity with a Low-Cost Capacitance-Resistance Probe. Sensors 2012, 12, 17588–17607. 
6. Rossi, R.; Pollice, A.; Diago, M.-P.; Oliveira, M.; Millan, B.; Bitella, G.; Amato, M.;  
Tardaguila, J. Using an Automatic Resistivity Profiler Soil Sensor On-The-Go in Precision 
Viticulture. Sensors 2013, 13, 1121–1136. 
7. Valera, D.L.; Gil, J.; Agüera, J. Design of a New Sensor for Determination of the Effects of 
Tractor Field Usage in Southern Spain: Soil Sinkage and Alterations in the Cone Index and Dry 
Bulk Density. Sensors 2012, 12, 13480–13490. 
8. Agüera, J.; Carballido, J.; Gil, J.; Gliever, C.J.; Perez-Ruiz, M. Design of a Soil Cutting 
Resistance Sensor for Application in Site-Specific Tillage. Sensors 2013, 13, 5945–5957. 
9. Lofton, J.; Tubana, B.S.; Kanke, Y.; Teboh, J.; Viator, H.; Dalen, M. Estimating Sugarcane Yield 
Potential Using an In-Season Determination of Normalized Difference Vegetative Index. Sensors 
2012, 12, 7529–7547. 
10. Diago, M.-P.; Correa, C.; Millán, B.; Barreiro, P.; Valero, C.; Tardaguila, J. Grapevine Yield and 
Leaf Area Estimation Using Supervised Classification Methodology on RGB Images Taken under 
Field Conditions. Sensors 2012, 12, 16988–17006. 
11. Teixidó, M.; Font, D.; Pallejà, T.; Tresanchez, M.; Nogués, M.; Palacín, J. Definition of Linear 
Color Models in the RGB Vector Color Space to Detect Red Peaches in Orchard Images Taken 
under Natural Illumination. Sensors 2012, 12, 7701–7718. 
12. Teixidó, M.; Font, D.; Pallejà, T.; Tresanchez, M.; Nogués, M.; Palacín, J. An Embedded  
Real-Time Red Peach Detection System Based on an OV7670 Camera, ARM Cortex-M4 
Processor and 3D Look-Up Tables. Sensors 2012, 12, 14129–14143. 
13. Andújar, D.; Weis, M.; Gerhards, R. An Ultrasonic System for Weed Detection in Cereal Crops. 
Sensors 2012, 12, 17343–17357. 
14. Dworak, V.; Selbeck, J.; Dammer, K.-H.; Hoffmann, M.; Zarezadeh, A.A.; Bobda, C. Strategy for 
the Development of a Smart NDVI Camera System for Outdoor Plant Detection and Agricultural 
Embedded Systems. Sensors 2013, 13, 1523–1538. 
15. Romeo, J.; Guerrero, J.M.; Montalvo, M.; Emmi, L.; Guijarro, M.; Gonzalez-de-Santos, P.;  
Pajares, G. Camera Sensor Arrangement for Crop/Weed Detection Accuracy in Agronomic 
Images. Sensors 2013, 13, 4348–4366. 
16. Fadilah, N.; Mohamad-Saleh, J.; Abdul Halim, Z.; Ibrahim, H.; Syed Ali, S.S. Intelligent Color 
Vision System for Ripeness Classification of Oil Palm Fresh Fruit Bunch. Sensors 2012, 12, 
14179–14195. 
17. Aroca, R.V.; Gomes, R.B.; Dantas, R.R.; Calbo, A.G.; Gonçalves, L.M.G. A Wearable Mobile 
Sensor Platform to Assist Fruit Grading. Sensors 2013, 13, 6109–6140. 
18. Perez-Ruiz, M.; Carballido, J.; Agüera, J.; Rodríguez-Lizana, A. Development and Evaluation of 
a Combined Cultivator and Band Sprayer with a Row-Centering RTK-GPS Guidance System. 
Sensors 2013, 13, 3313–3330. 
19. Rueda-Ayala, V.; Weis, M.; Keller, M.; Andújar, D.; Gerhards, R. Development and Testing of a 
Decision Making Based Method to Adjust Automatically the Harrowing Intensity. Sensors 2013, 
13, 6254–6271. 
Sensors 2013, 13 12138 
 
20. Bataller, R.; Campos, I.; Laguarda-Miro, N.; Alcañiz, M.; Soto, J.; Martínez-Máñez, R.;  
Gil, L.; García-Breijo, E.; Ibáñez-Civera, J. Glyphosate Detection by Means of a  
Voltammetric Electronic Tongue and Discrimination of Potential Interferents. Sensors 2012, 12, 
17553–17568. 
21. Wilson, A.D. Diverse Applications of Electronic-Nose Technologies in Agriculture and Forestry. 
Sensors 2013, 13, 2295–2348. 
22. Noureldin, A.; Armstrong, J.; El-Shafie, A.; Karamat, T.; McGaughey, D.; Korenberg, M.; 
Hussain, A. Accuracy Enhancement of Inertial Sensors Utilizing High Resolution Spectral 
Analysis. Sensors 2012, 12, 11638–11660. 
23. Sánchez-Hermosilla, J.; González, R.; Rodríguez, F.; Donaire, J.G. Mechatronic Description of a 
Laser Autoguided Vehicle for Greenhouse Operations. Sensors 2013, 13, 769–784. 
24. Steen, K.A.; Villa-Henriksen, A.; Therkildsen, O.R.; Green, O. Automatic Detection of Animals 
in Mowing Operations Using Thermal Cameras. Sensors 2012, 12, 7587–7597. 
25. Zhang, X.; Liu, F.; He, Y.; Li, X. Application of Hyperspectral Imaging and Chemometric 
Calibrations for Variety Discrimination of Maize Seeds. Sensors 2012, 12, 17234–17246. 
26. Kim, G.; Kim, G.H.; Ahn, C.-K.; Yoo, Y.; Cho, B.-K. Mid-Infrared Lifetime Imaging for 
Viability Evaluation of Lettuce Seeds Based on Time-Dependent Thermal Decay Characterization. 
Sensors 2013, 13, 2986–2996. 
27. You, K.Y.; Mun, H.K.; You, L.L.; Salleh, J.; Abbas, Z. A Small and Slim Coaxial Probe for 
Single Rice Grain Moisture Sensing. Sensors 2013, 13, 3652–3663. 
28. Giselsson, T.M.; Midtiby, H.S.; Jørgensen, R.N. Seedling Discrimination with Shape Features 
Derived from a Distance Transform. Sensors 2013, 13, 5585–5602. 
29. Busemeyer, L.; Mentrup, D.; Möller, K.; Wunder, E.; Alheit, K.; Hahn, V.; Maurer, H.P.;  
Reif, J.C.; Würschum, T.; Müller, J.; Rahe, F.; Ruckelshausen, A. BreedVision — A Multi-Sensor 
Platform for Non-Destructive Field-Based Phenotyping in Plant Breeding. Sensors 2013, 13, 
2830–2847. 
30. Navarro, P.J.; Fernández, C.; Weiss, J.; Egea-Cortines, M. Development of a Configurable 
Growth Chamber with a Computer Vision System to Study Circadian Rhythm in Plants. Sensors 
2012, 12, 15356–15375. 
31. Yao, X.; Yao, X.; Jia, W.; Tian, Y.; Ni, J.; Cao, W.; Zhu, Y. Comparison and Intercalibration of 
Vegetation Indices from Different Sensors for Monitoring Above-Ground Plant Nitrogen Uptake 
in Winter Wheat. Sensors 2013, 13, 3109–3130. 
32. Fernandez-Jaramillo, A.A.; Duarte-Galvan, C.; Contreras-Medina, L.M.; Torres-Pacheco, I.; 
Romero-Troncoso, R.J.; Guevara-Gonzalez, R.G.; Millan-Almaraz, J.R. Instrumentation in 
Developing Chlorophyll Fluorescence Biosensing: A Review. Sensors 2012, 12, 11853–11869. 
33. López, O.; Rach, M.M.; Migallon, H.; Malumbres, M.P.; Bonastre, A.; Serrano, J.J. Monitoring 
Pest Insect Traps by Means of Low-Power Image Sensor Technologies. Sensors 2012, 12,  
15801–15819. 
34. Yang, J.-G.; Wang, F.-L.; Chen, D.-X.; Shen, L.-L.; Qian, Y.-M.; Liang, Z.-Y.; Zhou, W.-C.;  
Yan, T.-H. Development of a One-Step Immunocapture Real-Time RT-PCR Assay for Detection 
of Tobacco Mosaic Virus in Soil. Sensors 2012, 12, 16685–16694. 
Sensors 2013, 13 12139 
 
35. Krzyzanowska, D.; Obuchowski, M.; Bikowski, M.; Rychlowski, M.; Jafra, S. Colonization of 
Potato Rhizosphere by GFP-Tagged Bacillus subtilis MB73/2, Pseudomonas sp. P482 and 
Ochrobactrum sp. A44 Shown on Large Sections of Roots Using Enrichment Sample Preparation 
and Confocal Laser Scanning Microscopy. Sensors 2012, 12, 17608–17619. 
36. Rach, M.M.; Gomis, H.M.; Granado, O.L.; Malumbres, M.P.; Campoy, A.M.; Martín, J.J.S. On 
the Design of a Bioacoustic Sensor for the Early Detection of the Red Palm Weevil. Sensors 2013, 
13, 1706–1729. 
37. García-Ramos, F.J.; Vidal, M.; Boné, A.; Malón, H.; Aguirre, J. Analysis of the Air Flow 
Generated by an Air-Assisted Sprayer Equipped with Two Axial Fans Using a 3D Sonic 
Anemometer. Sensors 2012, 12, 7598–7613. 
38. Gil, E.; Llorens, J.; Llop, J.; Fàbregas, X.; Gallart, M. Use of a Terrestrial LIDAR Sensor for Drift 
Detection in Vineyard Spraying. Sensors 2013, 13, 516–534. 
39. Martínez-Martínez, V.; Baladrón, C.; Gomez-Gil, J.; Ruiz-Ruiz, G.; Navas-Gracia, L.M.;  
Aguiar, J.M.; Carro, B. Temperature and Relative Humidity Estimation and Prediction in the 
Tobacco Drying Process Using Artificial Neural Networks. Sensors 2012, 12, 14004–14021. 
40. Paradis, N.; Auty, D.; Carter, P.; Achim, A. Using a Standing-Tree Acoustic Tool to Identify 
Forest Stands for the Production of Mechanically-Graded Lumber. Sensors 2013, 13, 3394–3408. 
41. Lin, Y.; Puttonen, E.; Hyyppä, J. Investigation of Tree Spectral Reflectance Characteristics Using 
a Mobile Terrestrial Line Spectrometer and Laser Scanner. Sensors 2013, 13, 9305–9320. 
42. RHEA. Robot Fleets for Highly Effective Agriculture and Forestry Management. Available online: 
http://www.rhea-project.eu/ (accessed on 5 September 2013). 
© 2013 by the authors; license MDPI, Basel, Switzerland. This article is an open access article 
distributed under the terms and conditions of the Creative Commons Attribution license 
(http://creativecommons.org/licenses/by/3.0/). 
